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1
METHOD OF REDUCING NOISE IN IMAGE
AND IMAGE PROCESSING APPARATUS
USING THE SAME

RELATED APPLICATIONS

This application claims the benefit of Korean Patent Appli-
cation No. 10-2013-0116896, filed on Sep. 30, 2013, in the
Korean Intellectual Property Office, the entire disclosure of
which is incorporated herein in its entirety by reference.

BACKGROUND

1. Field

Example embodiments relate to methods and/or appara-
tuses for reducing noise in an image and/or an image process-
ing apparatus using the same.

2. Description of the Related Art

Technology for manufacturing an image sensor that gen-
erates digital images with high resolution is advancing, and
these advanced image sensors may be utilized in a camera
module applied to a mobile apparatus such as a smartphone.
As the resolution of the digital images increases, there is an
increasing demand for a clear digital image. An image signal
processor (ISP) semiconductor circuit, connected to an image
sensor, may affect image quality. For example, the ISP semi-
conductor circuit may include a noise removal algorithm for
reducing noise.

A noise removal algorithm that removes noises based on
local means may allocate weights to pixel values pixel values
by determining a similarity in the units of pixels. In contrast,
a non-local means may allocate weight to pixel values by
determining a similarity between local groups that consist of
a plurality of pixels (a collection of pixels having a certain
size of area with one pixel at a center, hereinafter, referred as
a patch). Noise removal algorithm based on non-local means
may produce crisp images compared to typical noise removal
algorithms, and, therefore, may be employed in various fields
in which digital images are used. The noise removal algo-
rithm based on non-local means may also be employed for a
depth image that is used to generate a three-dimensional (3D)
image, as well as a general or medical image.

SUMMARY

Provided are methods and apparatuses for reducing noise
in an image, in which a kernel that gives a weight to a pixel
value with respect to determination of a similarity between
patches is adaptively changed according to a reference patch,
a non-transitory computer-readable storage medium for
recording the same, and an image processing apparatus using
the same, in which noise in an image is removed according to
a noise removal algorithm based on non-local means.

Additional aspects will be set forth in part in the description
which follows and, in part, will be apparent from the descrip-
tion, or may be learned by practice of the presented example
embodiments.

According to some example embodiments, a method of
reducing noise in an image includes: setting a reference patch
that consists of a plurality of pixels, having a certain pixel
included in the image as a center pixel, and target patches
corresponding to the reference patch in the image; determin-
ing a similarity between the reference patch and the target
patches; and removing noise from a center pixel in the refer-
ence patch based on pixel values of center pixels in the target
patches, in consideration of a weight based on the similarity
between the reference patch and the target patches, wherein a
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kernel for giving a weight to a pixel value with respect to the
determining of the similarity between the reference patch and
the target patches is adaptively changed according to the
reference patch.

According to other example embodiments, a non-transi-
tory computer-readable storage medium having stored
thereon a computer program, which when executed by a
computer, performs the method of reducing noise in an
image.

According to other example embodiments, an image pro-
cessing apparatus for reducing noise in an image includes: a
patch setting unit for setting a reference patch that consists of
a plurality of pixels, having a certain pixel included in the
image as a center pixel, and target patches corresponding to
the reference patch in the image; a similarity determination
unit for determining a similarity between the reference patch
and the target patches; and a noise removal unit for removing
noise from a center pixel in the reference patch based on pixel
values of center pixels in the target patches, in consideration
of a weight based on the similarity between the reference
patch and the target patches, wherein a kernel for giving a
weight to a pixel value with respect to the determining of the
similarity between the reference patch and the target patches
is adaptively changed according to the reference patch.

BRIEF DESCRIPTION OF THE DRAWINGS

These and/or other aspects will become apparent and more
readily appreciated from the following description of the
embodiments, taken in conjunction with the accompanying
drawings in which:

FIG. 1 is a diagram for explaining a method of reducing
noise according to a noise reduction algorithm based on non-
local means;

FIG. 2 is a diagram for explaining a kernel for giving a
weight to a pixel value when a similarity between patches is
calculated by using the noise removal algorithm based on
non-local means;

FIG. 3 is a diagram for explaining a pixel value of nearby
pixels that are differentiated from the center pixel in a refer-
ence patch by using an edge as a boundary;

FIG. 4 is a diagram for explaining a limit in a typical kernel
for giving a weight to a pixel value when a similarity between
patches is calculated by using the noise removal algorithm
based on non-local means;

FIG. 5 is a diagram for explaining a weight according to a
similarity between pixel values of the center pixel and nearby
pixels in the reference patch, which is applied to the kernel
with regard to the method of reducing noise according to the
noise reduction algorithm based on non-local means, accord-
ing to some example embodiments;

FIG. 6 is a diagram of a kernel used in the method of
reducing noise in an image according to the noise reduction
algorithm based on non-local means, according to some
example embodiments;

FIG. 7 is a flowchart of a method of reducing noise in an
image according to the noise reduction algorithm based on
non-local means, according to some example embodiments;

FIG. 8is a block diagram of an image processing apparatus
for reducing noise in an image according to a noise reduction
algorithm based on non-local means, according to some
example embodiments;

FIG. 9 is a detailed block diagram of a similarity determi-
nation unit that constitutes the image processing apparatus for
reducing noise in an image according to the noise removal
algorithm based on non-local means, according to some
example embodiments; and
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FIG. 10 is a graph showing performance when the method
of reducing noise in an image according to the noise removal
algorithm based on non-local means is performed according
to some example embodiments.

DETAILED DESCRIPTION

Reference will now be made in detail to example embodi-
ments, some examples of which are illustrated in the accom-
panying drawings, wherein like reference numerals refer to
like elements throughout. In this regard, the example embodi-
ments may have different forms and should not be construed
as being limited to the descriptions set forth herein. Rather,
these example embodiments are provided so that this disclo-
sure will be thorough and complete, and will fully convey the
scope of example embodiments to those of ordinary skilled in
the art. Accordingly, the example embodiments are merely
described below, by referring to the figures, to explain aspects
of the present description. As used herein, the term “and/or”
includes any and all combinations of one or more of the
associated listed items. Expressions such as “at least one of.”
when preceding a list of elements, modify the entire list of
elements and do not modify the individual elements of the list.

Some example embodiments relate to a method of reduc-
ing noise in an image and an image processing apparatus
using the same, and descriptions of techniques or structures
related to the described example embodiments which would
be obvious to one of ordinary skill in the art may be omitted.

It should be understood, however, that there is no intent to
limit this disclosure to the particular example embodiments
disclosed. On the contrary, example embodiments are to
cover all modifications, equivalents, and alternatives falling
within the scope of the example embodiments. [.ike numbers
refer to like elements throughout the description of the fig-
ures.

It will be understood that, although the terms first, second,
etc. may be used herein to describe various elements, these
elements should not be limited by these terms. These terms
are only used to distinguish one element from another. For
example, a first element could be termed a second element,
and, similarly, a second element could be termed a first ele-
ment, without departing from the scope of this disclosure. As
used herein, the term “and/or,” includes any and all combina-
tions of one or more of the associated listed items.

It will be understood that when an element is referred to as
being “connected,” or “coupled,” to another element, it can be
directly connected or coupled to the other element or inter-
vening elements may be present. In contrast, when an element
is referred to as being “directly connected,” or “directly
coupled,” to another element, there are no intervening ele-
ments present. Other words used to describe the relationship
between elements should be interpreted in a like fashion (e.g.,
“between,” versus “directly between,” “adjacent,” versus
“directly adjacent,” etc.).

The terminology used herein is for the purpose of describ-
ing particular embodiments only and is not intended to be
limiting. As used herein, the singular forms “a,” “an,” and
“the,” are intended to include the plural forms as well, unless
the context clearly indicates otherwise. It will be further
understood that the terms “comprises,” “comprising,”
“includes,” and/or “including,” when used herein, specify the
presence of stated features, integers, steps, operations, ele-
ments, and/or components, but do not preclude the presence
or addition of one or more other features, integers, steps,
operations, elements, components, and/or groups thereof.

It should also be noted that in some alternative implemen-
tations, the functions/acts noted may occur out of the order
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noted in the figures. For example, two figures shown in suc-
cession may in fact be executed substantially concurrently or
may sometimes be executed in the reverse order, depending
upon the functionality/acts involved.

It should be understood, however, that there is no intent to
limit this disclosure to the particular example embodiments
disclosed. On the contrary, example embodiments are to
cover all modifications, equivalents, and alternatives falling
within the scope of the example embodiments. Like numbers
refer to like elements throughout the description of the fig-
ures.

It will be understood that, although the terms first, second,
etc. may be used herein to describe various elements, these
elements should not be limited by these terms. These terms
are only used to distinguish one element from another. For
example, a first element could be termed a second element,
and, similarly, a second element could be termed a first ele-
ment, without departing from the scope of this disclosure. As
used herein, the term “and/or,” includes any and all combina-
tions of one or more of the associated listed items.

It will be understood that when an element is referred to as
being “connected,” or “coupled,” to another element, it can be
directly connected or coupled to the other element or inter-
vening elements may be present. In contrast, when an element
is referred to as being “directly connected,” or “directly
coupled,” to another element, there are no intervening ele-
ments present. Other words used to describe the relationship
between elements should be interpreted in a like fashion (e.g.,
“between,” versus “directly between,” “adjacent,” versus
“directly adjacent,” etc.).

The terminology used herein is for the purpose of describ-
ing particular embodiments only and is not intended to be
limiting. As used herein, the singular forms “a,” “an,” and
“the,” are intended to include the plural forms as well, unless
the context clearly indicates otherwise. It will be further
understood that the terms “comprises,” “‘comprising,”
“includes,” and/or “including,” when used herein, specify the
presence of stated features, integers, steps, operations, ele-
ments, and/or components, but do not preclude the presence
or addition of one or more other features, integers, steps,
operations, elements, components, and/or groups thereof.

It should also be noted that in some alternative implemen-
tations, the functions/acts noted may occur out of the order
noted in the figures. For example, two figures shown in suc-
cession may in fact be executed substantially concurrently or
may sometimes be executed in the reverse order, depending
upon the functionality/acts involved.

Various example embodiments will now be described more
fully with reference to the accompanying drawings in which
some example embodiments are shown. In the drawings, the
thicknesses of layers and regions are exaggerated for clarity.

FIG. 1 is a diagram for explaining a method of reducing
noise according to a noise reduction algorithm based on non-
local means. A left image shown in FIG. 1 is an image
obtained before noise is removed, and a right image shown in
FIG. 1 is a noise-removed image.

Below is described a method of reducing noise according
to the noise removal algorithm based on non-local means
according to some example embodiments.

Referring to FIG. 1, a reference patch 100 is set. The
reference patch may consist of a plurality of pixels including
a center pixel 110 that may have noise therein. Target patches
200 that correspond to the reference patch 100 may be set, and
the pixel values of pixels in the target patches 200 may be used
to remove noise that is present in the center pixel 110 of the
reference patch 100. For example, center pixels 210 in the
target patches 200 may be used to remove noise that is present
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in the center pixel 110 in the reference patch 100. When pixel
values of the respective center pixels 210 in the target patches
200 are used to remove noise in the center pixel 110 in the
reference patch 100, a weight may be given to each pixel
value of the center pixels 210 in the target patches 200 so as to
effectively remove noise.

With regard to the method of reducing noise according to
the noise removal algorithm based on non-local means, a
weight is given to the center pixels 210 based on a similarity
between the reference patch 100 and the respective target
patches 200. In other words, a weight that is given to a pixel
value of the center pixels 210 in the target patches 200 varies
with a degree of a similarity between the reference patch 100
and the target patches 200. The removal of the noise from the
center pixel 110 in the reference patch 100 according to a
noise removal algorithm based on non-local means may be
expressed as Equation 1.

Z w(x;, xj)l(xj) Equation 1
xjen
2 wixi, ;)
xjen

I(x;) =

In Equation 1, X, may be a vector representing a location of
a pixel, from which noise is to be removed, in an image, and
represents the center pixel 110 in the reference patch 100 in
the image. I(X,) may refer to a pixel value of the center pixel
110 in the reference patch 100. X may be a vector represent-
ing a location of a nearby pixel, which is used to remove
noise, in the image, and represents the center pixel 210 in the
target patch 200 in the image. 1(X)) may refer to a pixel value
of'the center pixel 210 in the target patch 200. I(X,) may refer
to a pixel value of a pixel on which noise removal is per-
formed, and refers to a pixel value of the center pixel 110 in
the reference patch 100 after noise is removed. Q may be a
collection of all pixels in the image which are used to remove
noise, and is a collection of all pixels that may be the center
pixel 210 in the target patch 200 in the image. W(X,,X)) is a
weighting function with respect to the center pixel 210 in the
target patch 200 for obtaining a weighted average when noise
is removed from the center pixel 110 in the reference patch
100.

Referring to the left image shown in FIG. 1, the reference
patch 100 and the center pixel 110 in the reference patch 100
are shown, and the target patches 200 are set near the refer-
ence patch 100. The target patch 200, shown in FIG. 1, only
represents examples of the target patches 200 that are used to
remove noise.

Additionally, the center pixels 210 in the target patches 200
respectively have a weight value with respect to the center
pixel 110 in the reference patch 100. The right image, shown
in FIG. 1, is a noise-removed image and shows that noise is
removed and an edge is preserved, compared to the left image,
shown in FIG. 1, which is obtained before noise is removed.

The weighing function W(X,, X)) of Equation 1 may be
expressed as Equation 2 shown below.

Equation 2

5(xiaxj)]

Wi, xj)exp(— =

In Equation 2, S(X,,X)) represents a similarity between the
reference patch 100 having X, as the center pixel 110 and the
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target patch 200 having X as the center pixel 210. o is a decay
control factor for adjusting a width of the weighing function
W(X,.X).

According to the noise-removal algorithm based on non-
local means, S(X,.X;) may be calculated using Equation 3.

st x) = Y hAXII +Ax) = 10 + A2 Equation 3

AxeN

Ax is a displacement vector that represents a location that is
away from the center pixel 110 or 210. In other words, X,+Ax
represents a pixel in a location that is away from a location of
X, by Ax. N represents a size of a patch. A patch may have
various sizes N such as 5x5, 11x11, 21x21, or so on.

Referring to S(X,,X;) shown in Equation 3, a similarity
between the reference patch 100 and the target patch 200 may
be calculated by calculating a difference in pixel values
between a certain pixel in the reference patch and a pixel
corresponding to the certain pixel in the target patch 200 and
summing values that are obtained by squaring the calculated
difference, with respect to all pixels in the reference patch
100.

Accordingly, if the two patches are similar, S(X,,X,) may
have a small value, and if the two patches are not similar,
S(X,,X;) may have a large value. Referring back to Equation
2, the weighing function W(X,,X)) with respect to the center
pixel 210 in the target patch 200, may have a large value if the
two patches are similar, and may have a small value if the two
patches are not similar. Resultantly, the pixel value I(X)) of
the center pixel 210 in the target patch 200 used to remove
noise in an image, is given a weight according to a similarity
between the target patch 200, having X as the center pixel
210, and the reference patch 100. If the target patch 200 and
the reference patch 100 are similar, a high weight may be
given to the pixel value I(X;) of the center pixel 210 in the
target patch 200.

Referring back to Equation 3, a function h(Ax) is further
used when a similarity between the reference patch 100 and
the target patch 200 is calculated. The function h(Ax) may be
a kernel that gives a weight to a pixel value based on a
similarity between the reference patch 100 and the target
patch 200 such that a value of h(Ax) changes according to Ax.
Since nearby pixels generally have a similar pixel value, a
higher weight may be given to nearby pixels. Therefore, the
function h(Ax) gives a high weight to a pixel value of the pixel
if the pixel is near the center pixel 110 in the patch 110, and
gives a low weight to a pixel value if the pixel is far from the
center pixel 110 in the patch 110.

For example, the function h(Ax) may be a Gaussian kernel,
and, therefore, h(Ax) may be expressed as Equation 4 shown
below.

Ax? Equation 4
h(Ax) = exp| ——
Y

y is a constant for adjusting a width of the kernel h(Ax).
Hereinafter, referring to FIG. 2, the kernel h(Ax) is described
in detail.

FIG. 2 is a diagram for explaining a kernel for giving a
weight to a pixel value when a similarity between patches is
calculated by using the noise removal algorithm based on
non-local means.
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Referring to FIG. 2, the kernel h(Ax), shown in FIG. 2, is a
function in which a value changes according to Ax. If a value
of Ax is high, a value of h(Ax) may be small. Accordingly,
when a similarity between the reference patch 100 and the
target patch 200 is calculated, a high weight is given to a pixel
value if a value of Ax is small.

In other words, the kernel h(Ax) is a weighting function
whose effectiveness depends on the assumption that nearby
pixels have a similar pixel value. If such an assumption is not
satisfied, a weight that is given to a pixel value by using the
kernel h(Ax) may be limited in its ability to effectively
remove noise.

Hereinafter, referring to FIGS. 3 and 4, a problem of the
typical kernel for giving a weight to a pixel value when a
similarity between patches is calculated according to the
noise removal algorithm based on non-local means is
described.

FIG. 3 is a diagram for explaining a pixel value of nearby
pixels that are differentiated from the center pixel 110 in the
reference patch 100 by using an edge as a boundary.

FIG. 3 shows an image in which a part of the reference
patch 100 in the left image, shown in FIG. 1, is expanded.
Referring to FIG. 3, pixel values of two parts which are
divided by an edge in the reference patch 100 are different
from each other. The center pixel 110 is included in a right
part from among the both parts that are divided by the edge.

Referring to FIG. 3, a line A passing through the center
pixel 110 in the reference patch 100 is set, and a line of pixels
that include the center pixel 110 X,, included in the line A,
may be identified. A pixel X, and a pixel X, which are on the
line A equidistant from the center pixel 110 X, are shown in
FIG. 3. With reference to the edge, the pixel X is located in
a left part with respect to the edge, and the pixel X is located
in a right part with respect to the edge. In other words, the
pixel X, and the pixel X, are away from the center pixel 110
X, at a same distance, but since the edge is present between the
pixel X, and the pixel X, the pixel X, and the pixel X, are
separate in the left part and the right part with respect to the
edge.

Since the edge corresponds to a boundary for dividing
areas having different pixel values from each other, pixel
values of the areas divided by the edge may be different from
each other. As shown in FIG. 3, since the center pixel 110 X,
and the pixel X are in the right part with respect to the edge,
the center pixel 110 X, and the pixel X, may have similar pixel
values. However, the pixel X, is in the left part with respect to
the edge, the pixel X, may have a pixel value that is different
from pixel values of the center pixel 110 X, and the pixel X,.

However, even though the pixel X, may have a different
pixel value, when utilizing the kernel h(Ax) described with
reference to FIG. 2, since the pixel X, and the pixel X are
away from the center pixel 110 at a same distance, the pixel
X, and the pixel Xy may be given a same weight. This
potential problem is described in detail with reference to FIG.
4.

FIG. 4 is a diagram for explaining a limit in a typical kernel
for giving a weight to a pixel value when a similarity between
patches is calculated by using the noise removal algorithm
based on non-local means.

Referring to FIG. 4, the typical kernel h(Ax), shown in FIG.
4, is a symmetrical version of the typical kernel h(Ax) shown
in FIG. 2. In other words, for the same values of locations Ax
away from the center pixel 110, a value of h(Ax) may also be
the same. The pixel X, and the pixel X, that are on the line A
at a same distance away from the center pixel 110 X,,
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described with reference to FIG. 3, have the same h(Ax) value
as shown in FIG. 4, and thus, a same weight is given to the
pixel X, and the pixel X,.

However, as described with reference to FIG. 3, since an
edge in which pixel values vary may be present between the
pixel X, and the pixel X, pixel values of the pixel X, and the
pixel X, may have a great difference from each other. Accord-
ingly, since only a location away from the center pixel 110 X,
is taken into account in the typical kernel h(Ax), the typical
kernel h(Ax) may not accurately remove noise.

FIG. 5 is a diagram for explaining a weight according to a
similarity between pixel values of the center pixel 110 and
periphery pixels in the reference patch 100, which is applied
to the kernel with regard to the method of reducing noise
according the noise reduction algorithm based on non-local
means, according to some example embodiments.

Referring to FIG. 5, according to some example embodi-
ments, with regard to the method of reducing noise according
to the noise reduction algorithm based on non-local means, a
kernel is designed to further take into account a similarity
between pixel values of the center pixel 110 and nearby pixels
in the reference patch 100, so as to overcome the limit in the
typical kernel that is described above.

For example, a weighting function F(I(X,), Ax), which
varies according to a similarity between a pixel value of the
center pixel 110 X, and a pixel value of a nearby pixel in the
reference patch 100, is further included.

Referring back to the image of the reference patch 100
described above with reference to FIG. 3. In the image of the
reference patch 100, the pixel X, the center pixel 110 X, and
the pixel X, are on the line A that passes through the center
pixel 110 X,. As illustrated in FIG. 3, the edge in which pixel
values vary may be present between the pixel X, and the
center pixel 110 X,. For convenience of description, it is
assumed that all pixels in a left area with respect to the edge
have a pixel value of ‘a’, and all pixels in a right area with
respect to the edge have a pixel value of “b’, however, example
embodiments are not limited thereto. Thus, a pixel value of
the pixel X, is ‘a’, and the pixel value of the pixel X and of
the center pixel 110 X, is ‘b’. Accordingly, a pixel value of the
pixel X, has a difference of ‘b-a’ from a pixel value of the
center pixel 110 X, and a pixel value of X, has no difference
from a pixel value of the center pixel 110 X,.

Based on such a similarity between pixel values, the
weighting function F(I(X,), Ax) shown in FIG. 5, which varies
according to a similarity between a pixel value of the center
pixel 110 X,, may be employed. Referring to FIG. 5, since an
edge is present in a left part with respect to the center pixel
110 X,, weights of pixels, which are divided into both parts
with respect to a pixel on a line A included in the edge, are
different from each other.

In other words, according to the weight function f(I(X,),
Ax) based on a similarity between pixel values, pixels in a
same area as the center pixel 110 X, in the right part with
respect to the edge have a high weight, and pixels in a differ-
ent area from the center pixel 110 X, in the left part with
respect to the edge have a low weight.

Hereinafter, a kernel used in the method of reducing noise
in an image according to the noise reduction algorithm based
on non-local means and designed by further taking into
account a similarity between pixel values is described.

FIG. 6 is a diagram of a kernel used in the method of
reducing noise in an image according to a noise reduction
algorithm based on non-local means, according to some
example embodiments.

Referring to FIG. 6, a kernel h'(I(X,), Ax), shown in FIG. 6,
represents a kernel used with regard to the image of the



US 9,330,442 B2

9

reference patch 100 described with reference to FIGS. 3 and
5, according to some example embodiments.

With regard to the kernel h'(I(X,), Ax), the weight f{I(X,),
Ax) according to a similarity between pixel values is further
taken into account, compared to the typical kernel h(Ax).
Resultantly, the kernel h'(I(X,), Ax) may be generated by
multiplying the function described with reference to FIG. 4
by the function described with reference to FIG. 5. According
to the kernel h'(I(X;), Ax), even when pixels are at a same
distance away from the center pixel 110 X,, a different weight
may be given to the pixels according to a pixel value. There-
fore, a greater weight may be given to the pixel X, and less
weight may be given to the pixel X, as compared to when the
typical kernel h(Ax) described with reference to FIG. 4 is
employed. According to some example embodiments, the
kernel h'(I(X,), Ax) employed in the method of reducing noise
in an image according to the noise removal algorithm based
on non-local means may be expressed as Equation 5 shown
below.

Ax? Equation5
W 1), Ax) = f(I(x;), Ax)- exp(— 7]

In Equation 5, f(I(X,), Ax) represents the weight according
to the similarity between pixel values, and may be expressed
as Equation 6 shown below.

[1Ge;) = 1(x; + A = Vi Equation 6

FUE), Ax) =1 .

In Equation 6, V,,,, represents a maximum value from
among difference values between the center pixel 110 and a
nearby pixel in the reference patch 100. V., represents a
minimum value from among difference values between the
center pixel 110 and a nearby pixel in the reference patch 100.
V,ue @and V. may be expressed by Equations 7 and 7,

respectively, as shown below.

Vinax = max |[1(x;) — I(x; + Ax)|| Equation 7
AxeN

Vinin = Anx’]é% 1 (x:) — I{x; + Ax)| Equation 8

Accordingly, the kernel h'(I(X,), Ax) employed in the
method of reducing noise in an image according to the noise
removal algorithm based on non-local means may be adap-
tively changed according to the reference patch 100 and may
be adaptively changed according to a distribution of pixel
values in the reference patch 100.

Additionally, as shown in Equation 5, the kernel h'(I(X,),
Ax) may be adaptively changed according to a similarity
between the center pixel 110 in the reference patch 100 and
nearby pixels in the reference patch 100. For example, the
kernel h'(I(X,), Ax) gives a high weight to a pixel value, if a
similarity between the center pixel 110 in the reference patch
100 and nearby pixels in the reference patch 100 is high.

In other words, according to some example embodiments,
the kernel h'(I(X,), Ax) may be generated in consideration of
both a similarity between the center pixel 110 in the reference
patch 100 and nearby pixels in the reference patch 100 and a
location difference between the center pixel 110 in the refer-
ence patch 100 and nearby pixels in the reference patch 100.
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Additionally, as shown in Equation 6, the kernel h'(I(X,),
Ax) may be generated by taking into account difference val-
ues between the center pixel 110 in the reference patch 100
and nearby pixels in the reference patch 100 and employing a
maximum value and a minimum value from among the dif-
ference values.

For example, the kernel h'(I(X,), Ax) may be generated by
using a value, which is obtained by normalizing difference
values between the center pixel 110 in the reference patch 100
and nearby pixels in the reference patches 100 by using a
maximum value and a minimum value from among the dif-
ference values therebetween. In other words, using Equation
6, a weight according to a similarity between the center pixel
110 in the reference patch 100 and nearby pixels in the ref-
erence patch 100 may be normalized to a value between 0 and
1.

FIG. 7 is a flowchart of a method of reducing noise in an
image according to the noise reduction algorithm based on
non-local means, according to some example embodiments.

Referring to FIG. 7, in operation S710, the reference patch
100 that consists of a plurality of pixels, having a certain pixel
included in an image as the center pixel 110, and target
patches 200 that correspond to the reference patch 100 in the
image are set. The reference patch 100 may be set respec-
tively for all pixels included in the image. In other words, a
reference patch having the pixel at a center may be set respec-
tively according to a pixel from which noise is to be removed.
Accordingly, a distribution of pixel values included in each of
the reference patches may be changed each time according to
a pixel from which noise is to be removed.

In operation S720, a similarity between the reference patch
100 and the target patches 200 is determined. When the simi-
larity between the patches is determined, a kernel for provid-
ing a weight is employed. According to some example
embodiments, a kernel may be adaptively changed according
to the reference patch 100 and may be adaptively changed
according to a distribution of each pixel value of the reference
patch 100.

Additionally, according some example embodiments, a
kernel may be adaptively changed according to a similarity
between the center pixel 110 in the reference patch 100 and
nearby pixels in the reference patch 100. For example, the
kernel may give a high weight to pixel values, if a similarity
between the center pixel 110 in the reference patch 100 and
nearby pixels in the reference patch 100 is high. In other
words, the kernel may be generated in consideration ofboth a
similarity between the center pixel 110 in the reference patch
100 and nearby pixels in the reference patch 100 and a loca-
tion difference between the center pixel 110 in the reference
patch 100 and nearby pixels in the reference patch 100.

Additionally, according to some example embodiments,
the kernel may be generated by taking into account difference
values between the center pixel 110 in the reference patch 100
and nearby pixels in the reference patch 100 and using a
maximum value and a minimum value from among the dif-
ference values. For example, the kernel may be generated by
using a value, which is obtained by normalizing difference
values between the center pixel 110 in the reference patch 100
and nearby pixels in the reference patches 100 by using a
maximum value and a minimum value from among the dif-
ference values therebetween. In other words, a weight accord-
ing to a similarity between the center pixel 110 in the refer-
ence patch 100 and nearby pixels in the reference patch 100
may be normalized to a value between 0 and 1.

In step 730, noise in the center pixel 110 in the reference
patch 100 is removed based on pixel values of the center
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pixels 210 in the target patches 200, in consideration of a
weight based on the similarity between the patches.

According to some example embodiments, with regard to
the method of reducing noise in an image according to the
noise reduction algorithm based on non-local means, noise
may be removed by further employing an image adjacent to
the image from which noise is to be removed. The noise may
be removed in view of the adjacent image based on Equation
9, shown below.

Z Z W, KA Equation 9

An xjeQ

23wl XA

Anx ;e

1) =

In Equation 9, n represents a frame number of a current
image and An represents a difference between the frame
number n of the current image and a frame number of an
adjacent image that will be further used to remove noise. In
other words, if An is -1, 0, and 1, images of a current frame,
a previous frame, and a next frame are used to remove noise
from the current frame.

FIG. 8 is ablock diagram of an image processing apparatus
800 for reducing noise in an image according to the noise
reduction algorithm based on non-local means, according to
an embodiment of the present disclosure. It may be under-
stood by one of ordinary skill in the art that, in addition to
elements shown in FIG. 8, other elements may be further
included.

The method of reducing noise in an image according to the
noise removal algorithm based on non-local means, as dis-
cussed above with reference to FIG. 7, may be performed by
the image processing apparatus 800 according to some
example embodiments.

Referring to FIG. 8, the image processing apparatus 800
for reducing noise in an image may include a processor and a
memory (not shown).

The processor may be an arithmetic logic unit, a digital
signal processor, a microcomputer, a field programmable
array, a programmable logic unit, a microprocessor or any
other device capable of responding to and executing instruc-
tions in a defined manner such that the processor is pro-
grammed with instructions that configure the processor as a
special purpose computer to perform the operations illus-
trated in FIG. 7, such that the processor is configured to give
weight to pixel values in consideration of both a similarity
between the center pixel 110 in the reference patch 100 and
nearby pixels in the reference patch 100 and a location dif-
ference between the center pixel 110 in the reference patch
100 and nearby pixels in the reference patch 100.

The patch setting unit 810 sets the reference patch 100 that
consists of a plurality of pixels, having a certain pixel
included in an image as a center pixel 110, and the target
patches 200 that correspond to the reference patch 100 in the
image. The reference patch 100 may be set respectively for all
pixels included in an image. In other words, according to a
pixel from which noise is to be removed, a respective refer-
ence patch 100 having the pixel at a center may be set.
Accordingly, a distribution of pixel values included in the
respective reference patch 100 may be changed each time
according to a pixel from which noise is to be removed.

The image processing apparatus 800 may include a patch
setting unit 810, a similarity determination unit 820, and a
noise removal unit 830. For example, the processor may be
configured to execute instructions that program the processor
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to perform the functions of one or more of the patch setting
unit 810, the similarity determination unit 820, and the noise
removal unit 830.

The similarity determination unit 820 determines a simi-
larity between the reference patch 100 and the target patches
200. Hereinafter, referring to FIG. 9, the similarity determi-
nation unit 820 is described in detail.

FIG. 9 is a detailed block diagram of the similarity deter-
mination unit 820 that constitutes the image processing appa-
ratus 800 for reducing noise in an image according to the
noise removal algorithm based on non-local means, accord-
ing to some example embodiments.

Referring to FIG. 9, the similarity determination unit 820
may include a pixel value calculation unit 822, a kernel gen-
eration unit 824, and a pixel similarity calculation unit 826.

The pixel value calculation unit 822 sums values that are
obtained by calculating a difference in pixel values between a
certain pixel in the reference patch 100 and a pixel corre-
sponding to the certain pixel in the target patch 200 and
squaring the calculated difference, with respectto all pixels in
the reference patch 100, so as to determine a similarity
between the reference patch 100 and the target patch 200.

Thekernel generation unit 824 generates a kernel that gives
aweight to a difference in pixel values between a certain pixel
in the reference patch 100 and a pixel corresponding to the
certain pixel in the target patch 200, calculated by the pixel
value calculation unit 822. According to some example
embodiments, the kernel generation unit 824 may adaptively
change the kernel according to the reference patch 100 and
may be adaptively change the kernel according to a distribu-
tion of each pixel value in the reference patch 100.

For example, the kernel generation unit 824 may adap-
tively change the kernel according to a similarity between the
center pixel 110 in the reference patch 100 and nearby pixels
in the reference patch 100. This is because a high weight is
given to pixel values, if a similarity between the center pixel
110 in the reference patch 100 and nearby pixels in the ref-
erence patch 100 is high. The kernel generation unit 824 may
generate the kernel in consideration of both a similarity
between the center pixel 110 in the reference patch 100 and
nearby pixels in the reference patch 100 and a location dif-
ference between the center pixel 110 in the reference patch
100 and nearby pixels in the reference patch 100.

According to some example embodiments, the kernel gen-
eration unit 824 may generate the kernel by taking into
account difference values between the center pixel 110 in the
reference patch 100 and nearby pixels in the reference patch
100 and using a maximum value and a minimum value from
among the difference values. In detail, the kernel generation
unit 824 may generate the kernel by using a value, which is
obtained by normalizing difference values between the center
pixel 110 in the reference patch 100 and nearby pixels in the
reference patches 100 by using a maximum value and a mini-
mum value from among the difference values therebetween.
In other words, the kernel generation unit 824 may normalize
a weight according to a similarity between the center pixel
110 in the reference patch 100 and nearby pixels in the ref-
erence patch 100 to a value between 0 and 1.

The pixel similarity calculation unit 826 calculates a simi-
larity between pixels so that the kernel generation unit 824
generates a kernel. In other words, the pixel similarity calcu-
lation unit 826 may calculate a similarity between the center
pixel 110 in the reference patch 100 and nearby pixels in the
reference patch 100. For example, the pixel similarity calcu-
lation unit 826 may calculate a similarity between pixels by
calculating a difference value between the center pixel 110 in
the reference patch 100 and nearby pixels in the reference
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patch 100. The kernel generation unit 824 may use the differ-
ence value, calculated by the pixel similarity calculation unit
826, to generate the kernel.

Resultantly, when a similarity between the reference patch
100 and the target patch 200 is determined, the similarity
determination unit 820 may use the kernel to give a weight to
pixel values in consideration of both a similarity between the
center pixel 110 in the reference patch 100 and nearby pixels
in the reference patch 100 and a location difference between
the center pixel 110 in the reference patch 100 and nearby
pixels in the reference patch 100.

Referring back to FIG. 8, the noise removal unit 830
removes noise in the center pixel 110 in the reference patch
100 based on the pixel values of the center pixels 210 in the
target patches 200, in consideration of the weight based on the
similarity between patches.

According to some example embodiments, the image pro-
cessing apparatus 800 for reducing noise in an image accord-
ing to the noise removal algorithm based on non-local means
may remove noise in a medical image or a depth image that
shows a distance between an image photographing apparatus
and a subject, as shown in FIG. 1, as well as in a general
image.

FIG. 10 is a graph showing performance when the method
of reducing noise in an image according to the noise removal
algorithm based on non-local means is performed according
to some example embodiments.

Referring to FIG. 10, an image that is input before noise is
removed, is shown as INPUT, an image in which noise is
reduced according to the typical noise removal algorithm
based on non-local means, is shown as NLM in FIG. 10, and
an image in which noise is reduced according to the noise
removal algorithm based on non-local means according to
some example embodiments, is shown as ANLM in FIG. 10.
A root mean square error (RMSE) is employed to calculate an
error in the images caused by noise.

As shown in FIG. 10, an RMSE value of the image ANLM
in which noise is reduced according to the noise removal
algorithm based on non-local means, according to some
example embodiment, is smaller than an RMSE value of the
image NLM in which noise is reduced according to the typical
noise removal algorithm based on non-local means. Thus, the
image processing apparatus 800, which utilizes the noise
removal algorithm based on non-local means, according to
some example embodiments, may have improved noise
removal capabilities.

As described above, according to the one or more of the
above example embodiments, an edge in an image is pre-
served and noise removal performance may be improved.

In addition, example embodiments can also be imple-
mented through computer-readable code/instructions in/on a
medium, e.g., a non-transitory computer-readable medium,
to control at least one processing element to implement any
above-described embodiment. The medium can correspond
to any medium/media permitting the storage and/or transmis-
sion of the computer-readable code.

The computer-readable code can be recorded/transferred
on a medium in a variety of ways, with examples of the
medium including recording media, such as magnetic storage
media (e.g., ROM, floppy disks, hard disks, etc.) and optical
recording media (e.g., CD-ROMs, DVDs, etc.), and transmis-
sion media such as Internet transmission media. Thus, the
medium may be such a defined and measurable structure
including or carrying a signal or information, such as a device
carrying a bitstream according to one or more embodiments
of'the present disclosure. The media may also be a distributed
network, so that the computer-readable code is stored/trans-
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ferred and executed in a distributed fashion. Furthermore, the
processing element could include a processor or a computer
processor, and processing elements may be distributed and/or
included in a single device.

It should be understood that the example embodiments
described therein should be considered in a descriptive sense
only and not for purposes of limitation. Descriptions of fea-
tures or aspects within each example embodiment should
typically be considered as available for other similar features
or aspects in other embodiments.

While one or more example embodiments have been
described with reference to the figures, it will be understood
by those of ordinary skill in the art that various changes in
form and details may be made therein without departing from
the spirit and scope of the example embodiments as defined
by the following claims.

What is claimed is:

1. A method of reducing noise in an image, the method
comprising:

setting a plurality of pixels in the image as a reference

patch, and setting target patches in the image corre-
sponding to the reference patch, the reference patch
having a center pixel;

determining a similarity within the reference patch

between the center pixel in the reference patch and
nearby pixels in the reference patch;

adaptively setting a kernel based on the similarity within

the reference patch;

determining a similarity between the reference patch and

the target patches using the kernel; and

removing noise from the center pixel in the reference patch

based on pixel values of center pixels in the target
patches by applying, a weight to the center pixels of the
target patches based on the similarity between the refer-
ence patch and the target patches.

2. The method of claim 1, wherein the kernel is adaptively
changed according to a distribution of pixel values of the
reference patch.

3. The method of claim 1, wherein the kernel gives a
relatively high weight to a pixel value of the center pixel in the
reference patch, if a similarity between the center pixel in the
reference patch and the nearby pixels is high.

4. The method of claim 1, wherein the kernel is generated
based on difference values between the center pixel in the
reference patch and the nearby pixels in the reference patch
that are close to the center pixel and a maximum one of the
difference values and a minimum one of the difference values.

5. The method of claim 4, wherein the kernel is generated
by normalizing the difference values between the center pixel
in the reference patch and the nearby pixels using the maxi-
mum value and the minimum value.

6. The method of claim 4, wherein the kernel is generated
based on location differences from the center pixel in the
reference patch to the nearby pixels.

7. The method of claim 1, wherein the determining the
similarity between the reference patch and the target patches
further comprises:

calculating a difference between pixels in the reference

patch and pixels in the target patch that corresponds to
the pixels in the reference patch.

8. The method of claim 1, wherein the setting sets the target
patches in images adjacent in an image sequence to the image.

9. A non-transitory computer-readable storage medium
having stored thereon a computer program, which when
executed by a computer, configures the computer to perform
the method of claim 1.
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10. An image processing apparatus configured to reduce
noise in an image, the image processing apparatus compris-
ing:

a processor configured to,

set a plurality of pixels in the image as a reference patch,
and to set target patches in the image corresponding to
the reference patch, the reference patch having a cen-
ter pixel,

determine a similarity within the reference patch
between the center pixel in the reference patch and
nearby pixels in the reference patch,

adaptively set a kernel based on the similarity within the
reference patch,

determine a similarity between the reference patch and
the target patches using the kernel, and

remove noise from the center pixel in the reference patch
based on pixel values of center pixels in the target
patches by applying a weight to the center pixels of
the target patches based on the similarity between the
reference patch and the target patches.

11. The image processing apparatus of claim 10, wherein
the processor is configured to adaptively change the kernel
according to a distribution of pixel values of the reference
patch.

12. The image processing apparatus of claim 10, wherein
the kernel gives a relatively high weight to a pixel value of the
center pixel in the reference patch if a similarity between the
center pixel in the reference patch and the nearby pixels is
high.
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13. The image processing apparatus of claim 10, wherein
the processor is configured to generate the kernel based on
difference values between the center pixel in the reference
patch and the nearby pixels in the reference patch that are
close to the center pixel and a maximum one of the difference
values and a minimum one of the difference values.

14. The image processing apparatus of claim 13, the pro-
cessor is configured to generate the kernel by normalizing the
difference values between the center pixel in the reference
patch and the nearby pixels using the maximum value and the
minimum value.

15. The image processing apparatus of claim 13, wherein
the processor is configured to generate the kernel based on
location differences from the center pixel in the reference
patch to the nearby pixels.

16. The image processing apparatus of claim 10, wherein
the processor is configured to further calculate a difference
between pixels in the reference patch and pixels in the target
patch that corresponds to the pixels in the reference patch.

17. The image processing apparatus of claim 10, wherein
the processor is configured to further set the target patches in
images adjacent in an image sequence to the image.

18. The image processing apparatus of claim 10, wherein
the image is a depth image representing a distance between an
image photographing apparatus and a subject.
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